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Approximately 80% of the informational needs of a
local government policymaker is related to a -
geographical location. ( Robert E. Williams, 1987) Hﬂ‘lj(ﬁ‘

$=FibPk——Digital Earth . (Al Gore , 1998).

BElh——Smart City: a smart economy,
mobility, environment, people, living,
governance. (Caragliu et al. 2009)

KRR —Big Data Era

Health
Biodiversity
Defense/Security
Urbanization Logistics
Pollution

Congestion Environment

Conservation Agriculture/Forestry

Land Use Government
Oceans Energy
Business Efficiency

i .
Watdn Crime




PRI AN A RS HEDD

[ =35 lenovo 'l CITRIX KASPERKYZ Novell

invent
Sliver Partner  Premiere Value Partner  Premlere Business Partner  Premiere Certiflad Partner Solutions Advisor Authorized Reseller Platinum Partner
» 2 p —
Q/ ironPorRT  |LANDesk EMC. , symantec. MiIcreSoft solarwinds
Gold Partner Silver Partner Advanced Velocity Partner Authorized Reseller Gold Certified Partner Solutions Partner

vmware

Enterprise Solutions Provider

O Polycom

Certified Partner

Blue® Coat y the world? corr%n\:\/l;ult

Authorized Reseller Authorzed Reseller

HITACHI Y Acronis
Inspire the Next Compate with contigence
Business Partner Gold Partner
EME.ESON An Live hed : Fa\
Network Power W airiive. com dlglum ‘A terlSk rIVer g AutOdeSk Adobe
100K Club Partner Authorzed Reseller Authorized Reseller Authorized Reseller Authorized Reseller Business Pariner VIP Partner

@ vasce> (geoUision  APC  EPSON () =] acer weksense

Legencary Reliability
Authorized Reseller Authorized Resaller Authorized Reseller Bronze Partner Authorized Reseller Authorized Reseller Authorized Reseller



Spatial Objecls
(8.g., US States)

Spatio-temporal Data

[0 Spatial

m Vectorial: Point, Polyline,
Polygon, Volume

B Raster
m Spatial Reference

[0 Temporal
m Date + Time

1 Attribute
B Data Frame

streets (vectorial)

parcels (vectorial)
(B) Time-Attrribute Slice (e.g., for Texas)

(A) Space-Time-Attrribute Cube ‘
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Modeling Our World

Remote Sensing (RS)

Statistics

. "'""#-‘;"* *
< u@{\f% =
streets

Z parcels

elevation

land usage

" real world

Geographical Information System (GIS) Global positioning System (GPS)



New Spatio-temporal (Big) Data

(1) Social Media Data

) ® @ ir

facebook

https://www.facebook.com/notes/facebook-engineering/visualizing-friendships/469716398919



New Spatio-temporal (Big) Data

(2) User Generated Contents (UGC)
B2l AZRAXT  w58RA Pz Google




New Spatio-temporal (Big) Data

(3) GPS-enabled smart phones generated
data

\of
Tokyo Toronto
Where People Run Taxi Tracking

(by Yu Zheng)



New Spatio-temporal (Big) Data

(4) Remote Sensing, Wireless Sensors Network,

VGI, Smart Card...
WSN ™

Wireless Sensor Networks

L NASA Earth Observatories ™8 .
‘. '., ‘ 1 ,P\}-'Lﬁ Jagon]

OpenStreetMap, OSM



New Way to Model Our World

L1 Big data & Open data P 7

L1 VGI : Citizens as sensors: the ,
world of volunteered geography.

? ORI H
PARADIGM
L1 Fourth paradigm of Scientific R

L1 Physical => Social

—— Michael F. Goodchild , 2007
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[0 Social Physics / Social Geography /Social Sensing

B Social Computing
B Complex Network

® Human Dynamics

: ..' " l : : ’\ The Hidden Pattern Behind
f : * e > Everything We Do
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ST modeling and data mining

[1 Description and Visualization

[1 Separate model
B Spatial analysis
B Time series analysis

[1 Spatio-temporal model
B Statistical model
m Physical model for specific field (.

m Statistical + physical model ) \
Statistics model

[1 Spatio-temporal data mining
® Machine learning
W Statistical deep learning

Data mining



ST big data mining

ST regression ..
CA
Geo-ABM

Bayesian *

ST Data Mining
Content

Anomaly detection
ST Cluster
NLP

ST Pattern
Reconstracti ST SOM
EEOF




Application of ST data mining

Smart City

« Transportation management
« Urban planning

« City management

- Social life

Scientific Research
 Human behavior

« Urban computing

« Public health

« Social-economic

« Geographic study



ST Data Analysis

A p
rig
e oy =
C= 2 SOCTABERGITEY S £2
Y SOCIABLE “Eie wcu§son£ILé.EBSIBEA£EIIYg 5E|F)

18



Techniques for ST data analysis

Road to be a Data Scientist

Hacking

O Acquisition Ppghon" (<

Redis m
TR Cas

mongo DB
.\membose sriak Expe rtise

O Database

O Analysis, data mining

‘Hosceo (R Y

O Specialized tool CA&: \y GRASS GIS (3705Geo
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Development of ST statistics

1 classical statistics

[J spatial statistics
®m Spatial target
®m Spatial autocorrelation , spatial heterogeneity

[0 Spatio-temporal statistics
®m Spatiotemporal observations
®m Spatial temporal autocorrelation;
®m Spatial temporal interaction et al.




Spatial statistics

[ —
[0 Research contents
. . STATISTICS
View of data model (Cressie 1993) ==
1. Point pattern TV g
2. Lattice data :-ﬁ::i:

3.  Geostatistical data
View of topics (Gelfand 2010)

1. Continuous spatial variation——including geostatistics ,
hierarchical model , non-stationary Gaussian random fields

2.  Discrete spatial variation ——spatial autocorrelation, disease
Chapman & Hall/CRC

mapping and spatial econometrics Handbooks of Modern
Statistical Methods

3. Spatial point pattern——point pattern

4. Spatio-temporal process——ST model and assimilation Handbook of
5.  Addition topic——multivariate, change of support, Spatial Statistics
aggregation and disaggregation
Alan E. Gelfand
D Boo KS Peter ). Diggle

Montserrat Fuentes

Peter Guttorp

Cressie, N. A. C. (1993). Statistics for spatial data. New York, Wiley.

Gelfand, A. E. (2010). Handbook of spatial statistics. Boca Raton,
CRC Press.




Spatio-temporal statistics

[0 Research contents T
. . . . . . Statistics ror
®m  Based on spatial statistics and time series analysis SPATIO-TEMPORAL
m  Exploratory spatial data analysis (ESDA)

®  Basic models

Spatio-temporal covariance model
Spatio-temporal kriging

Stochastic difference model

Spatial process with time series analysis
Spatio-temporal point pattern

O000a0

m Hierarchical dynamic space-time model
" ...
Statistical Methods
for Spatio-Temporal
Systems
[ BOOKS

m Cressie, N. A. C. and C. K. Wikle (2011). Statistics for
spatio-temporal data. Hoboken, N.J., Wiley.

m Finkenstadt, B., L. Held, et al. (2007). Statistical
methods for spatio-temporal systems. Boca Raton, FL, Re
Chapman & Hall/CRC. et

Birbel Finkenstadt
Leonhard Held
Valerie Isham

*J'r-:- » Hal, O




ST statistics application fields

SWWILEY

Ea rth SyStem SCienceS STATISTICAL METHODS

IN SPATIAL

. . . EPIDEMIOLOGY
m  Climate, weather simulation and forecast

Second Edition

B Geology, ocean, atmosphere, etc

GIS, RS, and GPS ( 3S)

B GIS: Collection, storage, management, analysis and visualize

geographic information of time and spatial information

m RS : Satellite and aerial remote sensing, Wireless sensor

networks Tests in Seatiotical Sctence
. " : Spatio-Temporal

m  GPS : position and tracking Mathode ic
. . Environmental

Global change and the ecological environment Epidemiology

PP s ¢
S A A

Environmental Health

S K g R

Socio-economic field
®m ST regression, STARMA et al. Gavin Shaddick

James V. Zidek

®) CIC Pres




ST statistics in R

0 Classified by task view

B  TimeSeries
http://cran.r-project.org/web/views/TimeSeries.html

m Spatial
http://cran.r-project.org/web/views/Spatial.html

B Spatiotemporal

http://cran.r-project.org/web/views/SpatioTemporal.html

install.packages ("ctv")
library ("ctv")
install.views (” Spatial ")
update.views (" Spatial")



GIS Interface

GRASS GIS

rgdal. rgeos e G et
plotKML. ggmap. RgoogleMaps
OpenStreetMap. leafletR
spgrass6. rgrass’

RPyGeo. RArcInfo

GEOS ::

RSAGA

E
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Google Map or Earth : https://maps.google.com/ i;‘*-

Baidu Map : http://developer.baidu.com/map/ Bai.é.;'m

Leaflet : http://leafletis.com/ fﬂ% N

Openlayers : http://openlavers.org/

. OpenlLayers

OpenStreetMap : http://www.openstreetmap.orqg/

ArcGIS online : http://www.arcgis.com/home/

Cloudmate : nhttp://cloudmade.com/

Ploymaps : http://polymaps.orqg/

Mapbox: https://www.mapbox.com/ =y

WEE:. htto://c.dituhui.com/aboutus



https://maps.google.com/
http://developer.baidu.com/map/
http://leafletjs.com/
http://openlayers.org/
http://www.openstreetmap.org/
http://www.arcgis.com/home/
http://cloudmade.com/
http://polymaps.org/
https://www.mapbox.com/
http://c.dituhui.com/aboutus
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EFER R — PostgreSQL
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Ay

PostgreSQL(Postgres)
r
= http://www.postgresqgl.org PO%tQ%%QL
= 1R FRITHARTIREIERE
Limit Value
Maximum Database Size Unlimited
Maximum Table Size 327TB
Maximum Row Size 1.6TB
Maximum Field Size 1GB
Maximum Rows per Table Unlimited
Maximum Columns per Table 250 - 1600 depending on column types
Maximum Indexes per Table Unlimited
a4 : PostGIS
= http://www.postgresql.org/docs/9.2/static/index.html
27

= http://wiki.postgresql.org/wiki/Main Page



http://www.postgresql.org/
http://www.postgresql.org/docs/9.2/static/index.html
http://wiki.postgresql.org/wiki/Main_Page
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ER R — PostgreSQLYES

L -
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o IFZEa

> Linux, UNIX (AIX, BSD, HP-UX, SGI IRIX, Mac OS X, Solaris, Tru64), Windows
o FERIARIEO

> C/C++, Java, .Net, Perl, Python, Ruby, Tcl, ODBC
e =2FHBIACID
o Z§5SQL 92F1SQL 99
o nJ{ ERIENIESSE

»> geometry
o SRS FEIIE
> PL/pgSQL, C/C++ , JAVA....
® SPAFIE
> SRFFHEES (MVCC) RERS , ELREH

PostgreSQL Cookbook

28



=8B IEEIT AN — PostGIS

» PostGIS (http://postgis.refractions.net/)
BIR KRB EIEE R Y PostgreSQLXT == (83
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http://postgis.refractions.net/

Cloud Cartography

@ MapBox 0 CARTODB ¢ GEOHEY

https://www.mapbox.com/ https://cartodb.com/ https://geohey.com/
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https://www.mapbox.com/
https://cartodb.com/
https://geohey.com/

https://github.com/huiyan-fe/mapv

DEVELOPER TOOLS

Uze Maphas to sdd responshve veoor maps witt insmnt on
rweEs and moble spps Plck s plethorm,
Erab gnur aroess (oken, S pE stemed In minLses

Platforms

@ ©

lapbox GL J5 Maple 105 50K Kapbox Ardroid 30K Wapbox |5
Weh sarv lcas wEw Al ¥
Sryles AF1 i Uplaads &F1 T Gegooding AF1 L Direcclons &P A
Surface API - Dizzance AP Seacle Pl Tike= &P
Open source Lools m
*

Turkjs Tippucanoe

https://www.mapbox.com/developers/



https://github.com/huiyan-fe/mapv
https://www.mapbox.com/developers/

3 TRACKING CHINESE FOOTPRINT
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FIE1  MEGNE (LBSM)

RKETHFEERN20145F 24, B3 &FFA B ERRNIEHTE
JB¥: Lon, Lat, Time. Text, People attribute, et al.
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Social
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iA5T1 : Chinese Footprint on Our Planet

FRARNEBEREEAERX—RS AR, B%: Where are the Chinese?

I I I
2,000 5,000 10,000 20,000 50,000 100,000 454 974

Liu X, Wang J H*, The geography of Weibo. Environment and Planning A, 2015
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Corr = 0.905, P < 0.001

correlatian = 0_BOS -
&
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g

Humiar of Chinese

3

' 1+ s
Lo fumber of Chnese

Chinese American

Chinese American
(Pew Research, based on 2010 Census) (Estimated based on geotagged Weibo)
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Zheng, S., Wang, J.H., Kahn, M.E., Sun, C. & Zhang, X. The Impact of Air Pollution on
Subjective Well Being in Urban China: Evidence from Social Media Content
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® GPS-enabled
smart phone

® Postion accuracy
less than 10 m

® 10-20 per people

e 843 million users / month

600 million users / month
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1. Jacobs (1961) : Yue et al. (2016) ;B&TFIBSiHED
2. Glaeser et al. (2001) ;gZRIBSiHmIE N -
3. Jacobs-Crisioni et al., (2014) ASEEEIZ M SIHMmED ﬁ 7L
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IS 1T EREME

O RASTREMER ( Spatially and Temporally Varying Coefficient Model )

P2 Pi
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—f=C=01
p=0=C=02
B=~v=(=03

3=6=04,
p=7=0=0s

R EREL

Geographically and Temporally Weighted Regression (GTWR)

Geographically Weighted Regression (GWR)
Time varying coefficient model (TWR)

Semi spatially varying coefficient model

. linear regression model (OLS)

IRBNSE
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Table 3.1: Descriptive statistics of the key variables

Variable Name Diefinition Mean sSD Min Max

Activity  density  af mobile positioning data per area unit at 5,415 [0.075  0.004 225924

weekiday (vwd ) weekday (i 1000 people)

Activity  density  at mobile positioning data per arca unit ar 5,322 0459 0001 218127

weekend (ven) weekend, (in 1000 people)

Housing amenities (H)  Number POIs related to residential complex 1,372 3.209 i) 32
componnds in cach unit

Consumption  ameni-  Number of POLs related Lo entertainment 75762 174954 0 2177

ties(C) and leisure services

Stations Number of subway stations per unit (121 (833 0 42

Road Density Total road lengths per unit (in kilometers) 271 4.425 () 23,281

Distance to CBD Stralghtline distance rom each grid unit to 22,441 9.000 ] 44,926
the CBD {in kilometers)

Other amenities Number POTs that do not fall in the cate- 18149 41,330 i) 546

oory of Housing and Constmption
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Table 4.1; The relationsbhip belwesn loonan activity inbensily and land ose confleoarations [Pooled Begression
Fatimarcs)

2 [ id)

(3]

1. SCiFE-fESHERR TR DIEE
2. RELRIANEEMNIERIRER

3. HANRIMREHEADNRERIRERSHE

4. RSB KER (G- TIE-ER) NN EAREM

Hemsing = Transport
Clonsnmption® Transport
Heousing Feenlbral cily
Hemsing  Tnner Subarl
Clonsnmption®central city

Cromsnmption™Toner Submrh

(IR T
(G4
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R NE
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LIRS TE
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QLR
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(-1, 48)
0,201+
{25630
NS
e By
). 200
(-3GO0
266

i-1n.0340 {-149,269
Constanl T Y DA WY N -0.247 0,205 -0.410 -(270
(-5.30) [-5.20 -1.173 -1.0H1] -1.49) -1.33)
i HALM KA BARH HA5A0 HAGH XA
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4 MODELING CHINESE MOBILITY
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LBSM web data

Web
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trajectory

Build

Urban social
interaction
analysis

A

LBSM space-time

trajectory database

A

Space-time
aggregation

Build origin-to-
destination city
Interaction matrix

Mapping network

topology

The Geography of Cultural Ties and Human Mobility: Big Data in Urban Contexts, Annals of the
Association of American Geographers
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BETR=EAIMXAAHZEME |, HERHAIRPRAREWE(zhang & Wang 2016);
BT BRI AMEPR ARG |, H1T3EITIIE.

BT RIBAYRPRARIMES MIE=ES % ETERRPRARIMES

| Corr..: 0.73 (p-\)alue < 0;3001)-0 o o

2
Cualiag

Zhang, Wang, et al. 201 e, v ] Lo e b “——"iver Delta high-

speed railway network, . .
Train Number



Model Chinese Mobility

= Cross-sectional OLS regression (in logs), city pairs

log(T., /L) = 3, -log[Commuting, |
+ f3, -log|Dialect,, |+ F. + F, +controls + ¢,

T,4/L, : mobility flows between city pairs/total Weibo user
flows of the origin city

= [Commuting]: commuting distance&time-(pecuniary mobility costs)
= [Dialect]: dialect distance- (non-pecuniary mobility costs)

= Fo: origin city fixed effect

= Fd: destination city fixed effect

= |V: historical dialect distance
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Dialect index
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B 0.19 - 0.41
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[ 1051-063
[ 1064-073
[ 0.74-0.83
I 0.84-0.93
I 0.94-1.00
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Mountains and Chinese Human-Cultural Geography

Log (Mobility,, ) = & + &, -[Mountain,, ]+ &, - |[Near, |+
[ REIGTE 5, -[Mountain,, |«[Near]+
F, +F, +controls + ¢,

= \ountains

Spatial contiguity group
1st order

[ 2nd order

B 3rd order

« Control Group, Gray
lines:
city pairs with no
mountain barriers
between them

« Treatment Group, Color
lines:
red lines : 1st order
spatial contiguity group
blue lines : 2nd order
spatial contiguity group
green lines: 3rd order

spatial contiguity group s
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Definition
Shortest journey time between city pairs by railroads
(in logs)

The straightline geographical distance between two
cities is calculated as Euclidean distance in kilometers
between each pair of cities’ centroids (in logs)

Shortest car driving distance between city pairs (in
logs)

Binary indicator: 1= a city pair equals to the same
province; 0=otherwise

Binary indicator: 1= a city pair shares the
administrative border; O=otherwise

Difference in wages between city pairs (in logs)

Difference in employment share of non-agricultural
sectors between city pairs (in logs)

Difference in night light intensity level between city
pairs (in logs)

mean
2.2623

13.9316

14.2210

0.0389

0.0159

0.2393

18.1750

1.3621
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SEEHHIZE:

THE
Jane Jacobs(1916-2016) ECO(I;I;)MY
CITIES
“Cities have the capability
of providing something for JANIE JASOBS
everybody, only because, Or oREAT A s

and only when, they are
created by everybody.” (EEXRHMHRPLSE) (1961) (HMHEFFED) (1969)

al

BRI A IZ 2T ERE
EZXS5HW | WmiIAE
2R, EFATED.
miERITEXK.

201655 B4HREFEICE - (EEANHAESE) /EEE-HERMET (Jane Jacobs ) BJHER100FE,
HLARHE TR AIARMIES |, A R MEEITERE HEHFIEHILABEIIEANATZ —,
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;&7 Urban Vibrancy

O [iEE] i&70: 1) BRENERT | 2) FIELUER. RERGE
O igkh#l¥l——Live-work-play (LWP) places
B BEEFORMXEFERRE SEE. BARFELY. BENAMNZTEH1TH
, AILAZLARASE (GEAH SO ) SLIEEASE (GFORETK) B
(TR IBHRe R A, U SRMENLE | St E RSB SN
BlFri% , HEBIRERFM (Song, 2014)
O IgBE&EFF%——The consumption value of urban density

B EREMNET  BERESHHSERSZHiiEEIS  AMIBEEALSTE
=AIEEFN3ERA ( Coutour, 2014 )

¢ L
-----------------

“BZRIEM”  (Consumer Cities)
— AT FERIGH AKFEdward Glaeser#i#%

From Production Cities to Consumer Cities

Glaeser, E. L. et al.(2001). Consumer city. Journal of Economic Geography, 1(1), 27-50.
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Zheng S Q, Hu X K, Wang J H. Wang R. 2016 Subways near the subway: Rail transit and
neighborhood catering businesses in Beijing. Transport Policy.
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Bedroom

ﬂi‘eﬁﬁ;ﬁi}%: Commuter town
Jacobs (1961) BE&LTiFIAS N\ @

S/

Glaeser et al. (2001) ;EZ:Im
SRS

Jacobs-Crisioni et al., (2014)
AEKENZFESTHIED

)

New-tech

s i{}Slfub-Cen;;?r;\,'—_-—_- ‘
mEERRE 0000 e
ﬂzﬁﬂﬁﬂ?—'ﬁ ( 1,2,3%@'1/5\ ) Commuter Towns Commuter Towns

TSI EE (Wang J H)
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Do land use configurations for housing and consumption

amenities influence the rise and decline of city liveliness ?
O #HRGE

M2 7T — MR =1 EEE

( Spatially and Temporally Varying Coefficient Model )
O FERW

1. RS EZRRYIEES IR

2. HANE XX TEDRNRESZ A ER SIS

3. WmAREAREN(EE- TR RIS HESE
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LandScan population distribution
(correlation coefficient: 0.76; p-value<0.001)

Night Index
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night light intensity
(correlation coefficient: 0.71; p-value<0.001)

Fignre 3.2: Spatio-tempaoral distribution of mobile phone positioning data
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Table 3.1: Descriptive statistics of the key variables

Variable Name

Definition

Max

Activity  density  at
weekday (ywd)
Activity  density  at
weekend (ven)
Housing amenities (H)

Consumplion  ameni-
ties(C)
Stations

Road Density

Dhistance to CBD

Orther amenitios

mobile positioning data per area unit at
weekday (i 1000 people)

mohile positioning data per area unit at
weekend, (in 1000 people)

Number OIs related to residential complex
componnds in cach unit

Nuwber of POILs related Lo entertainment
and leisire services

Number of subway stations per unit

Total road lengths per unit (in kilometers)
Stralghtline distance [rom each grid unit to
the CBD {in kilometers)

Number POIs that do not fall in the cate-
oory of Housing and Consnmption

225924

218127

23.28]
44,0206

a46

o BiIFrE=: A

o IETMERTE:
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Loand Use Mix
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Thinking In Spatial-temporal

¢ Spatially

¢ Dynamically

¢ Interactively

¢ Autocorrelation
¢ Heterogeneity
®Scale

¢ Uncertainty




Thanks!
Q&A

F L #CAS

http://jianghao.wang

wangjh@lreis.ac.cn


http://jianghao.wang/

BCE=ARSSREINIR

www.aliyun.com
~IRSBEEECS (1REfTE)

gl £edb 1

AJFEX: %16 1 afREX B
Z4£4AID: G1154587336553386
/O JL4L3LHI: 3E 1/O {ALsLfl
SCING: 4 #% 16GB

RILRSERY: 2 BRYLR

o, 100Mbps ($Z{ERRE )
BEZR S Ubuntu 14.04 6411
K2 40GB TiE=EZ

=18 2iRE

SLHHIEFR: Tsinghua

] root@115.29.39.169 (/) Abcd1234
[0 root@10.161.77.18 ()

97


http://www.aliyun.com/

linode

ssh root@45.33.94.61

98


ssh://root@45.33.94.61/

SREDERM

Chrome

ssh#f}: PuTTY

B http://www.chiark.greenend.org.uk/~sgt
atham/putty/download.html =

ftpikft: Filezilla
m https://filezilla-project.org/

[AFileZilla

99


http://www.chiark.greenend.org.uk/~sgtatham/putty/download.html

IRECE

EHARG

B sudo apt-get update

B sudo apt-get upgrade
ZHcURL
]

sudo apt-get install libcurl4-

openssl-dev

B apt-get install curl

100



IRECE

ZZR, For Linux Ubuntu 14.04
vim /etc/apt/sources.list

SLPIE

deb http://cran.rstudio.com/bin/linux/ubuntu
trusty/

B IR AT

sudo apt-key adv --keyserver
keyserver .ubuntu.com --recv-keys E084DAB9

sudo apt-get update
sudo apt-get upgrade

sudo apt-get install r-base

101



IMRECE

ZIHERE
install.packages ("RCurl")

install.packages("rjson")
install .packages ("plyr")
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cURL

curl "http://www.dianping.com/search/map/ajax/json" -H "Cookie:
_hc.v=""\\""77d4b41d-4087-46f6-bba2-e0930098f156.1477474568\\"""";
PHOENIX_ID=0a01043e-158434024e3-6/374c9; s_ViewType=10;
JSESSIONID=D8137B45FB48321FC3622C411F3B7A75; aburl=1; cy=2;
cye=Dbeijing" -H "Origin: http://www.dianping.com" -H "Accept-Encoding:
gzip, deflate" -H "X-Request: JSON" -H "User-Agent: Mozilla/5.0 (Windows
NT 10.0; WOW64) AppleWebKit/537.36 (KHTML, like Gecko)
Chrome/53.0.2785.116 Safari/537.36" -H "Content-Type: application/x-
www-form-urlencoded;charset=UTF-8;" -H "Accept-Language: zh-
CN,zh;g=0.8,en;g=0.6" -H "Accept: application/json, text/javascript" -H
"Referer: http://www.dianping.com/search/map/category/2/10/r2580" -H
"X-Requested-With: XMLHttpRequest" -H "Connection: keep-alive" --data
"cityld=2&cityEnName=beijing&promold=0&shopType=10&categoryld=10
&sortMode=2&shopSortlitem=1&keyword=&searchType=1&branchGroupld
=0&shippingTypeFilterValue=0&page=1&glong1=116.3151554388428&glat
1=40.02384628560411&glong2=116.3927463812256&glat2=39.95769273
112198" --compressed -o test.json
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|
library(rjson)

library(plyr)
json <- readLines(“dianping.json", encoding = "UTF-8")
fdjson <- fromJSON(json, unexpected.escape = "skip")
str(fdjson)
list <- NULL
for(i in 1:length(fdjson)){
list[[i]] <- data.frame(t(unlist(fdjson$shopRecordBeanList[[i]])),
stringsAsFactors=FALSE, row.names=NULL)

b
df <- do.call(rbind.fill, list)

write.csv(df, "data.csv")
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